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With thousands of incredible experiences around the world, GetYourGuide is at the
heart of travel
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We've built one of the world’s biggest marketplace

for tfravel activities...

Connecting ..}o suppliers
customers... around the world

GE* YOUR GUIDE

Millions of travelers use We facilitate the fransaction We offer more than 40,000
GetYourGuide every year activities worldwide
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So How Do You “Do Al?”

https://hackernoon.com/the-ai-hierarchy-of-needs-18f111fcc007

GET YOUR GUSDE


https://hackernoon.com/the-ai-hierarchy-of-needs-18f111fcc007

What is there beyond algorithms and tools?

e Figuring out where to apply ML
e Architecting ML applications
e Teams & Organizations

GE=T YOUR GUSDE
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GetYourGuide Overview
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GetYourGuide Overview
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From Business Problems To Machine Learning Problems

/ A&J'\\MLU /! e Customer has a Job to be

i done.
¥ o W
ko <& @md&u{_ — AmLiviJnaz e Business has to give a
T e Solwes yob, Solution that adds value.
dowe_ Profdsudue Y A Lt R e Solution consists of Activities,
(? and some of that acfivities
Culfomer might be solved with ML.
e ML: solve a task by learning

Machityg [ : 5 from examples.
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Machine Learning: Learn From Examples
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Example: Recommendations
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GET
YOUR Where are you going? n English (UK) v EUR(C) ¥ M Cat @ Halp L Mikio v
GUIDE

Example: Recommendations ...z meine o

47/5 B85 Reviews

Typical problem for machine learning:

* Hard to specify what exactly Gl g L\
means “similar.” A= 15Y W

 Alot of example data is i o i et e =
available. cao

« Recommendations have 1o
change based on new articles A S e e W W i

frequen.l.ly. You might also like...

A GetYourGuide Original =~ Unfergetible local guides

+" Smal groups
—_— v Hidden highlights ® Add to wishlist
The ultimate tour experience v Priority occess
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Versailles Polace & Gardens Timed Versailles Polace & Gardens Full Versailles Polace: Skip-the-Line Palace of Versailles: Entry Ticket

Ticket with Audio Guide Access Ticket & Audio Guide Guided Tour with Audio Guide
' Volid: | day retion
St oot ot |
From From From From
€26 BOE? Reviews €20 1823 Reviews € 40 1358 Reviews cis
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Example: Recommendation

Task
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GE*T YOUR GU3IDE

Business/customer view and
machine learning view often
have different metrics.

Machine learning does not
know about the business
view.

Figuring out the right
relationship is not easy.

Also depends on the
available data.
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Architectures for Al Systems

e
Y -
-
-

¥




Machine Learning Systems
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Design Patterns for Al Architectures
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Core Machine Learning
—how to train, evaluate, efc. {

Serving

—access predictions in real-time datn

Data Preprocessing and Features
—how to deal with preprocessing \\,

—making it more production
ready

Auiom.aﬁo.n & Monitoring . lm
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Machine Learning Integration I_/ Ape('\cw‘{ou [
—how to fit it info a larger picture
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Machine Learning Integration Patterns
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* Depending on how ML
is used, there are
different integration
patterns.

* Keep in mind that the
ML problem and the
application problem
are different and have
different metrics.

* Beware of inferacting
ML models if the overall
training data is used.
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Serving Patterns

* How to provide the predictions of the machine learning model to the application.

o |If the domain is small, precomputing predictions might be the easiest way to serve.

() Ewboed. (D Precomgade. (2 Serve

[ Dt

GE*T YOUR GUIDE Applied ML Days, Lausanne 2020



Preprocessing Patterns

— * If predictions are

— . , precomputed, no
- // PW special treatment of

M&C[,\/ feature computation
feadUtes IS necessary.

( « Ifitis served online,
l?@cﬁe ™ad e ( you can either
r precompute features

v \ in a Feature Store. But
ou don’t have
Co (ov\Uv\e> q I 7 Zpdq’res for new data.
L O L O
rea-fime : (w s ;?;\Lugf ?l Serve. ) « Oryou can use the
Aot - /I‘ { Feature Store and
Ee~6~\m(ue | \ update features
ot online as well.
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How Data Scientists Work
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Data Scientists And Developers
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Data Science
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Data Scientists and Developers Collaboration
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Organizing Data Science
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Data Platforms

THE DATA SCIENCE
HIERARCHY OF NEEDS

Al,
DEEP
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LEARNING
LEARN/OPTIMIZE EXOLRIMENTATION, L ’ »4!«4\(%){—\ S
SIMPLE ML ALGORITHMS '
ANALYTICS, METRICS,

AGGREGATE/LABEL SEGMENTS, AGGREGATES,

FEATURES, TRAINING DATA
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Eveut
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Machine Learning: The High Interest Credit Card of Technical SC n.So rS &
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Summary

Not just about methods and tools.
How to identify where to use ML?
Building Al/ML systems.

How to set up feams and
organizations for ML.

GE*T YOUR GU3IDE



Questions?

mikio.braun@getyourguide.com
Twitter @mikiobraun
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