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In this session...

Al infused quality management for manufacturing ... The low-code way...

What are some of the main challenges in manufacturing?

How do we combine Machine Teaching, simulation and DRL?

Use Case 1: Autonomous control of yield on food extruders at Pepsi
Use Case 2: CNC Machine Control at National Oilwell Varco (NOV)
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(Some) Challenges for Al in Manufacturing
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Machine Teaching Service Overview

A complete toolchain to build, train, and deploy BRAINSs

Q 1. Machine Teaching injects subject matter
expertise into BRAIN training

Combined Al and Subject
Matter Expertise (Engineers)
is extremely rare
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i management of neural networks and DRL
Combined Al and Subject

Matter Expertise (Engineers) algo rlthms
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2. Simulation tools for accelerated
integration and scale of training

4. Flexible runtime to deploy and
scale models in the real world
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Long hardware/machinery
refresh cycles mean that
data is not available
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Long time to validate
Improvements & Successes
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refresh cycles mean that
data is not available

High operating
staff turnover

B® Microsoft 4



Simulations

Available across a broad range of industries and systems

Transportation & logistics

Discrete event simulations
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Benefits of Machine Teaching

Combining human and machine intelligence to build more efficient & accurate models.
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Autonomous
control of vield
on food
extruders at
Pepsi
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Simulation Codesigned
with SME

Recommendation and
closed loop mode

D

@

Can simulate a day's
run in 30 seconds

Computer vision
instead of machine
Sensors
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CNC Machine
Control at

National Oilwell
Varco (NOV)
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decision
making

Motor Alignment Drill Bit Alignment

Model Training Status
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Al making

|
Q suggestions to the Iiif Quality prediction
agent
Continuous assisted Right balance
':@ learning by new between speed and
operators Quality
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What we have seen....

Al infused quality management for manufacturing ... The low-code way...

What are some of the main challenges in manufacturing?

How do we combine Machine Teaching, simulation and DRL?

Use Case 1: Autonomous control of yield on food extruders at Pepsi
Use Case 2: CNC Machine Control at National Oilwell Varco (NOV)
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Questions?




